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AlakpiocEIC & euclia

H Euclia dlakpiBnke oTo dl1aywVIOUO
Wnoelaknc Kaivotopiag Start4Health nou
dlopyavwOnke ano To Kevrpo Wneiakng
Kaivotouiac (CDI) Tng Pfizer otn
©eooaAovikn.

H opada €AaBe To 20 BpaPeio, yia Tnv
Sta rt4 hea Ith npOTAoN TNG Nou agopa oTnv £Eunvn
avakaAuywn epapuakwyv Kal XNUIKwyv

The Pfizer CDI accelerator for healthtech innovators OUCIWV.
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from igpot
SMILES Dashboard > Models > Animal Carcinogenicity Classification

~Xxplore models

([ ' filipposd@gmail.com

Animal Carcinogenicity Classification

NAVIGATION

¢ ' savvas = 13 days aqo & SKLEARN_ONNX
Your models @john_savvas ¢

BB Your results (@ Description 11! Features o Predict ol Metrics
& Settings Endpoint Description
The endpoint predicted by this model is Animal Carcinogenicity. The dataset used for modeling was obtained from the Carcinogenic Potency Database (CPDB), which
YOUR MEMBERSHIPS contains long-term study results for over 1,500 chemical substances on rodent (mouse and rats) species. Carcinogenicity is defined though the OECD Test No. 451. Each
author in the literature evaluated the tissue-tumor combination of the chemical substance and gave his opinion on carcinogenicity which was evaluated from NCI/NTP. In the
SCENARIOS dataset:

« Carcinogenic chemicals are labeled as 1.

@ mnsiGHT

« Non-carcinogenic chemicals are labeled as 0.
PINK Model Description

Prior to model development, the dataset was split into training and test sets while ensuring class balance to avoid bias. The model developed is a Random Forest Classifier,
CHIASMA trained on a subset of RDKit Descriptors after rigorous feature preprocessing, including:
1. Variance Threshold: Removal of low-variance features.

2. Correlation Analysis: Elimination of highly correlated features.

3. Mutual Information: Selection of features with the highest predictive power.

The model achieved a ROC-AUC score of 0.68 on the test set, which is consistent with the performance reported in the literature. For determining chemicals outside the
domain of applicability (DOA), leverage function was used.
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model.deploy_on_jagpot(jagpot=jagpot,

1] name=" My first Jagpot model ",
%%% description="Model for experiment #E9861",

visibility="PRIVATE",
)

\ 4 Jaqpotpy
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Jagpotpy Descriptors -
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* Molecular
+  RDKit
*  Mordred
*  MACCS keys

* Topological fingerprints
* Graph-based
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https://app.jagpot.org/dashboard/models/1928/description

~ Input SMILES to get the prediction

]: input_data = [{"SMILES": "N#C/C(C(=0)0CC(CC)CCCC)=C(/clccceel)c2cccec2”}]

Get prediction though SDK

[2]: prediction = jagpot.predict_sync(model_id=1928, dataset=input_data)
print(prediction)

[{'jagpotMetadata’: { probabilities': [0.867, ©.133], 'jagpotRowId': '@'}, 'ReadyBiodegradability': ©.0}]
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What is the solubility of Methane?

Step 1

Thought: To determine the solubility of Methane, | will first retrieve the SMILES string for Methane using the retrieve_smiles_tool. Then, | will use the
gsartoolbox_get_property_value_tool with the appropriate QSAR model to predict the solubility.

Code: Step 2
smiles_methane = retrieve_smiles_tool (compound_name="Methane"

Thought: Now that | have the SMILES string for Methane, | will use the gsartoolbox_get_property_value_tool to predict its solubility. | will use the "Water Solubility (fragments)
print("SMILES for Methane:", smiles_methane

(EPISUITE)" model for this purpose.
+ 5 Used tool python_interpreter Code:
Step 3

smiles_methane = retrieve_smiles_tool(compound_name="tethane

solubility_result = gsartoolbox_get_property_value_tool(smiles='
nt smiles_methane

£(solubilit 1t Thought: The solubility of Methane has been predicted to be 428. 49 mg/L using the "Water Solubility (fragments) (EPISUITE)" model from the QSAR Toolbox. The domain result is
I1NT(solubllY resu
- = undefined, so there might be some uncertainty, but we can still use this value as our best estimate.

E] ! Execution Logs

Calling tools: Code:
SMILES for Methane: C ° ) ' ‘
Last output from code snippet: [{'id": "call_2', 'type': 'function’, 'function': {'name": 'python_interpreter', ‘argumer| . o
- . . inal_answer (answer= 49 mg/L"

None Solubility (fragments) (EPISUITE)")\nprint(solubility_result)'}}]

4 % Used tool python_interpreter ~ X Used tool python_interpreter
fu]

solubility_result = gsartoolbox_get_property_value_tool(smiles LinaSanswer(answers

solubility_result
(@ |/ Executon Logs

(&) 7 Execution Logs Last output from code snippet:
428.49 mg/L.

Final answer:
428. 49 mg/L

g

Nota eivat n StahutdTnTa O AI Agent enegepyaleral To

aiTnua kai anavTta o€

TeAlkn artavnon:

Tou PeBaviov? 428.49 mg/L
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Modelling-as-a-service

Anpioupyia povtéAwv

H opada tng Euclia cag unmootnpilel otn dnuioupyla LOVTEAWVY TTOU EUTTNPETOUV TLG
QVAYKEC 0.

wnﬂ!

Dlofevia poviéAwv otnv NAATPOpHa oG

H mAatdopua Jagpot tng Euclia mapéxel eukoAia otn xprion LOVIEAWV MnXavIkAg
Ma6nong.
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Ynnpeoiec Texvnric Nonuoouvng & euclio

NMAeovekTRHATA TNG AUONG HAG

DAkn tpog to Xpriotn Aenadn

AveBdoTte To POVTEAO oaG XWPLG KOTIO
KOlL LLOLPOIOTELTE TO AUEDQL.

Agv amattolVTaL YVWOELS

TIPOYPOULATIOMOU YLa TN XPHOoN ToU
HOVTEAOU.

NMAnBwpa dtabéopwv pe@odwv

Armoktrote poofaon ota Lo
npoodarta povteda Al, ano Deep

Learning £w¢ mapadooLoKr) OTOTLOTIK.

Atlomolrote €va amoBetnplo
T(POBAEMTIKWY POVTEAWY
TIPOCOPHOCHEVWV VLA TIG EPEUVNTLKEG
00G OVAYKEG.

Anpdokomtn Zuvepyaoia

MotpaoTteite Hdvo To HOVTEAO, OXL Ta
dedopéva e Omoloug embupEelte.

Xwpic EmBapuvon o€ UNOSOMEG

Ol umtnpeoieg mapexovtal amo Tig SIKEG
MG UTTOOOUEG, XwPLE va TtpocBEtouv
QVAYKEC UTTOOTAPLENG OTOV OPYOVLOUO.




Ynnpeoieg XnueionAnpogopikrig & euclio

Cheminformatics

MNpoBAePn LBLOTATWV YL XNHULKEG OUGCLEG

H opada tng Euclia ocog mapexel Eva mAnpeg mpodiA T XNULKNAS ovaoiag, aflomolwvtag
TEKUNPLWHEVA SNUOCLOL KOL ETALPLKA POG MOVTEAA TIPOBAEYNG LoTATWY

Doéevia povréAwv otnv nAatpoppa pog

H mAatdopua Jagpot tng Euclia mapéxel eukoAla ot Xprion MOVTEAWY
XnuelomAnpodopLkig.
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Q@ Address
Zografou Campus

9, Iroon Polytechniou Str, 15780 Zografou,
Greece

\. Telephone @ Website

+30-772-3236 www.euclia.io




